%H3pE FE23H 0 S | R N - 20094 12 A
Vol.35 No.23 Computer Engineering December 2009
cRERHK - EHES: 1000—3428(2000)23—0118—02  SCARKRIRED: A HESHE, NS5

AT KCCA #Ab 69 W & N4l 2 %

B, XY, % 47, HEES
(L TRIASE R TR, T 214122; 2. MIRCHIAY:, MK 210094; 3. SMLLBASE, Fi 214121)

B B NRI RGO IR L R R, XS R A B EN R TR AT ST SERZIE, SR AR SRR 56 43 0 0k
AT IE SRR A — IR, 1520 240 T P2 B AL o FE3% T UL ARl L8 P SO 2 43 2SR L LI U 550 1 R S P 2
P BN , AT BRI v B P DL T TR A R S, TSR 4K B Ao

R NRRIARL; BHBHRGN TIRFE; —SOR SRR

Network Intrusion Detection Algorithm
Based on KCCA Optimization

QIAN Peng-jiang', WANG Shi-tong*?, XU Hua®?, YAN Hui-gin®
(1. School of Information Technology, Jiangnan University, Wuxi 214122; 2. Nanjing University of Science and Technology, Nanjing 210094;
3. Wuxi Institute of Technology, Wuxi 214121)

[Abstract] In Intrusion Detection System(IDS), the original features normally lead to considerable computational complexity because of their high
dimensions. In this paper, reduced and important further features are obtained by introducing Kernel Canonical Correlation Analysis(KCCA), and the
binary tree based multi-class classification SVM is used to complete the classification task by these further features. This algorithm is devoted to
increase the real-time performance as much as possible under the condition of not clearly losing classification accuracy. Simulation experiment

confirms the above advantages.
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