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Abstract High dimensional large data has posed great challenges to most existing algorithms for frequent patterns mining. This paper
decomposes the mining task into two parts: mining short frequent itemsets and long frequent itemsets, and proposes a new algorithm, i.e.,
inter-transaction, to find all long frequent closet patterns in large high dimensional dataset. The new algorithm utilizes the characteristic that the
intersection of long transactions is usually a very short itemset, and can find long closet patterns directly via intersecting relevant transactions. In
addition, the algorithm adopts a new pruning strategy to cut down search space and optimizes the performance of intersection of transactions.
Experiments on synthetic data show that this method achieves high performance in large high dimensional dataset.
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