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Improvement of AprioriTid Algorithm for Association Rules
Based on Hash Technology
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[Abstract] Finding frequent itemset is a pivotal technology and stage in association rules mining application. Most studies adopt Apriori-like

candidate set generation-and-test approach, but candidate set generation is still costly. This paper proposes an improved AprioriTid algorithm to

improve the algorithmic executive efficiency, which is based on candidate set L, address-mapping approach of Hash technology.
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% i<10, W c=(i-1) - 10+ i, t=10;

% <100, i c=(i-1) - 100+ i, t=100;

& i<1000, ] c=(i-1) - 1000 + i, t=1000;
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