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Quantitative Criterion for Mining Both Positive and Negative
Association Rules
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Abstract The conventional framework for mining association rules is the support-confidence framework which has some limitations. For one
thing, it can not prune such useless rules as satisfy both minimum support and minimum confidence with their antecedents and consequents
independent. For another thing, it can neither separate the negative association rules from the positive ones. The purposes of this paper are to find a
quantitative criterion for mining both positive and negative association rules, and further put forward a novel framework whose efficiency is tested in
analyzing a questionnaire.
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