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Feature Selection Measurement Approach Based on Community
Modularity Structure
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Abstract Taking community structure as measurement index for feature selection, a new feature selection measure approach based on modularity
coefficient community structure is proposed. Artificial immune network is a type of competitive learning algorithm which is capable of extracting
relevant features contained in dataset. It uses the “internal image” memory network to eliminate data redundancy and feature extraction. The new
approach is used to analyze the community structure between the input pattern (antigen) and memory network. Experiment study shows the newly
approach is proved reasonable and viable.
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