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Complex Principal Curve Modeling Based on B-spline Network

HAO Jisheng™?, HE Qing? SHI Zhongzhi?
(1. College of Computer Science, Yanan University, Yanan 716000;

2. Key Laboratory of Intelligence Information Processing, Institute of Computing Technology, Chinese Academy of Sciences, Beijing 100080)

Abstract The paper proposes a new method based on B-spline network, modeling complex principal curve. This method combines the polygonal

line algorithm of learning principal curve with B-spline network. The iterative algorithm for searching bifurcate point is proposed. Simulation results

demonstrate that it is feasible and effective.
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