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Analysis and Implementation of Dynamic Weighted
Association Rule Algorithm

FU Guo-giang, GUO Xiang-yong
(Information Center, Shenzhen Polytechnic, Shenzhen 518055, China)

[ Abstract] Weighted association rule algorithm for less than two: one does not meet the requirement of closed down, that is a subset of frequent
sets may not be frequent sets; another weighted association rules can not handle the different importance of different items, and truly embody the
the importance of different items different. In this paper, the dynamic weighted association rules algorithm, algorithm based on the importance of
the project and the largest number of frequent itemsets at different stages of the project to determine the different weights, fully reflect the

importance of different items are different, and algorithms are proven closed down, Experimental results show that the algorithm improves the

high accuracy and efficiency.
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(1> Ll=find_frequent_l-itemsets(D); // IZHHIRE 1-THi L,

(2)  min_sup=min_sup * exp((1-k) * In(2))

(3) for (k=2;Lk-1#£P;k++)

(4)  Ck=apriori_gen(Lk-1,min_sup); // ¥ apriori_gen J7{E4E
/) AR kT AR

(5) for each transaction t€D { // HMFESEIRE D

(6) Ct=subset(Ck,t);

D for each candidate c€ Ct

® c. count—++; // i EEATE kIR M

(9)  CR=Get_role(c, R);

(10) m=|CR|

(11) For(i=1; i<<=m; i+-+) {

(12) e support=rc, support-+CRi * c. count * exp((1-m) * In(2));

(13) }

(14) Lk={c€Ck|ec. countzzmin_sup} // ¥ Em/NZFEFE I kT
VE LIbsrs-J kS
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(16) return L=Uk Lk; // &HIRE 4L >0
HFBOESEIN I TR ETE, BEEERKTAERD
B 5B Min_sup 19 5 BE A W Fx 2 47 2 56 Bk #1W) (Frequent
Association Rule) .,

FHADBHE IR



k
2 X 1 }><2*k><sup(X)

S0 max{r 1y,
FADH, HETEMRETEAT, 218 AR KK
HM A PR R BR MDD , SR 5 4R 4% min_sup SRIFFIHRE
PSS
Procedure
apriori_gen(Lk-1; frequent(k-1)-itemsets; min_sup; minimum,
support threshold)
for each itemset 11€ Lk-1
for each itemset 12€ Lk-1
if A1[1]=12[1DAdI2]=12[2D A
(1[k-2]=12[k-2]) A (11[k-1]=12[k-17) then {
c¢=11join 12; file://join step;generate candidates
if has_infrequent_subset(c, Lk-1) then
delete ¢ file; //prune step: remove unfruitful candidate
else add ¢ to Ck;
}
return Ck;
procedure has_infrequent_subset(c: candidate k-itemset;
Lk-1:frequent(k-1)-itemset) ;
for each (k-1)-subset s of ¢
if s Lk-1 then
return TRUE;
return false;
3.2 MAURER MBI 8
R A R TN SR TR AT U] Fry 7 o AR R R B0 3T
B UG P ) B AR P P IS R AR B Lk, BUTEE AR
B4 Lk 420 53R SC IR R0 U, A0 2 08 L o /) S 47 JE LR />
{EALRE A3 I BE LI, AT P R (M SR i SR OC B ML W B B
R
confidence(A—>B)=P(B|A)=
sup port_count(AUUB) _ C, count
sup port_count(A) A. count
@)
H,C=AUB,C. count 1 A. count HEEZIHE C 1 AL
G TR AR AL,
TEFTATIN - FE R A B AR, RN (D
IR ETE L EFEEADTER/NER BRI, A IF
FEBU R A X R A A S R
IR E R BN B ERHA T
(1> L=UkLk; // L 2EEWELEE,
() AR=0; // AR ZIERBIMMES
(3)  forall x(k€ LAk 2 L fIGE , B— kAN ET4E, KK n{
(€Y for all ek (ak J& Ak AR EHFH){

(5) if(ak—Bm B B{FE >=min_Conf) {//XH,m+k=n,
/o ale>Bm 2 — B
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(10) return AR;
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