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Handwritten Financial Chinese Characters Recognition Approach
Based on Kernel Clustering Algorithm
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(1. School of Information Engineering, University of Science & Technology Beijing, Beijing 100083;
2. Center for Optimal Control & Discrete Mathematics, Central China Normal University, Wuhan 430079)

Abstract According to the characteristics of handwritten financial Chinese characters, original features are mapped to higher dimension by
applying kernel clustering. Each group is classified by a support vector machines (SVM) classifier. These binary classifiers are seen as the nodes of
decision tree, and construct a decision classifying tree. The algorithm of grouping financial Chinese characters and creating decision tree is given.
The method of controlling overlap by overlap coefficient is proposed and it can overcome misclassification accumulation. Experimental results show
that, with this approach, the speed rate and accuracy rate of recognition meet the requirements.
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