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Speech Separation Based on Computational Auditory Scene Analysis

WANG Shan, XU Gang
(Dept. of Information Engineering, North China Electrical Power University, Beijing 102206)

Abstract This paper proposes a model of speech separation based on the principle of computational auditory scene analysis, to separate a mixture
of two speeches. Different from other models, the model uses different methods to separate resolved and unresolved harmonics, so as to avoid the
problem of inability to separate unresolved harmonics successfully. Experimental results show excellent performance of the model.
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