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Abstract  Because of user’s various inquires, a new algorithm, named rough set clustering-based dynamic materialized view
algorithm(RSCDMYV) is presented. Based on rough set clustering on materialized view, the algorithm can execute dynamic adjustment which both
satisfies the variety of the queries and take the hierarchy of dimension into consideration. Experimental results show, as the queries set increase,
RSCDMYV will show more advantages as inquires change.
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