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A k-means Adapted Algorithm Based on Spatial Contiguity Relations

WANG Haigi'*3, WANG Jinfeng'
(1. National Key Lab of Resources and Environment Information System, Institute of Geographic Sciences and Natural Resources Research, Chinese
Academy of Sciences, Beijing 100101; 2. College of Geo-resources and Information, University of Petroleum (East China), Dongying 257061;
3. Graduate School of Chinese Academy of Sciences, Beijing 100039)

Abstract Spatial object has not only non-spatial attribute properties but also spatial properties related with space coordinates and topological
structures. When using the traditional clustering methods to classify spatial objects, the objects of the same class may appear in non-adjacent spatial
positions because spatial relationships are not been considered. The k-means adapts algorithm based on spatial contiguity relations regards spatial
contiguities of the neighboring objects as a restrained condition. So the clustering result not only reflects the similarities of attributes but also reflects
spatial adjacent relations, and furthermore reviews spatial distribution patterns of different classes. Therefore, this adapted algorithm is more suitable
for the clustering analysis of spatial objects than the traditional k-means method.
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