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Comprehensible Classification Rules Construction Based on
Genetic Algorithm

ZHAO Lei, ZHU Wenxing
(College of Mathematics and Computer Science, Fuzhou University, Fuzhou 350002)

Abstract This paper puts forward a new definition for the comprehensibility of a classification rule. The paper also gives a method for computing
arule’s comprehensibility by using attribute’s information gain. The method of mining classification rules using GA is also analyzed. The experiment
on breast cancer statistical data shows that it can find accurate as well as comprehensible rules.
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