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HTK-based Optimization Algorithms of Speech Recognition Network
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Abstract For speech recognition network of Hidden Markov Model ToolKit(HTK) bottom representation is generated by the HParse command
module of the HTK according to the form of regular expressions to define the task grammar, but not every language can use regular expressions to
express. Aiming at the problem, this paper presents a HTK-based speech recognition network algorithm used to identify the network optimization
problem, gives the detailed realization of the algorithm. Experimental results show that the optimized speech recognition network costs less time in
speech recognition than the original un-optimized one, while the recognition rate of the two recognition system configurations are almost the same,

and verifies the validity of the proposed algorithm.
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