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Particle Swarm Optimization Algorithm Based on
Non-symmetric Learning Factor Adjusting

MAO Kai-fu, BAO Guang-ging, XU Chi

(College of Electrical and Information Engineering, Lanzhou University of Technology, Lanzhou 730050, China)

Abstract To update the performance of the standard optimization method, a new Particle Swarm Optimization(PSO) algorithm is proposed based
on the earlier works. A non-symmetric learning factor adjusting method introduced here is to keep the balance between the global search and the
local search with the great advantages of convergence property and robustness compared with standard PSO algorithm. The relationship between
swarm average velocity and convergence is studied through Benchmark test functions simulation. All the merits mentioned above are demonstrated
by the compound gear transmission ratio optimization in transmission systems.
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