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Abstract The existing cyclic association rules have disadvantage to compartmentalize a cycle into several time segments and the base arithmetic

disadvantage is low-level efficiency etc. This paper presents CARDSATSV. It chooses the time sequence vector which consists of the support of

item to cluster, and uses DB Index to determine the optimal class number of cluster. It brings forward Cyclic FP-tree(CFP-tree) to discover cyclic

association rules. CFP-tree handle cycle clipping technology is based on conditional FP-tree to improve efficiency. Experiments show that

CARDSATSV can discover more useful cyclic association rules and can improve efficiency, compared with the existing cyclic association rules.
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Procedure CFP-growth (FP-tree; ,Null) // B
//FP-tree
if Tree P then
for each P ( B)//B P
/
a B p
Else For each Tree a; do
begin
B=a « a; ;
B B FP-tree B;
Treef. P C;
CFP-Pruning(C)
If Treep<>¢ then CFP-growth (Treep,p);
End// 5)
Procedure CFP-Pruning(C)
for(j=2;j<=n;j++)do begin//2 n
C.=0;// C,
for all ¢ e C do begin // C c ]
I i [si,eil Dji
support, Smin
c Dj support,;
If support. >= spin then cUC,;
c=C,;
If C=¢ then exit; //
/
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If c=¢ then begin

C Treep; // C={{fkam}, {bkam}}, p=kam,

/ITree  {(f:3,b:3)}kma
Return Treef; // Treef
end
else Return;
End
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