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Self-adaptive Genetic Algorithm Based on Evolvability

LIN Ming-yu, LI Ming, ZHOU Lin-xia
(Key Laboratory of Nondestructive Test, Ministry of Education, Nanchang Hangkong University, Nanchang 330063, China)

Abstract Aiming at the problem of traditional genetic algorithm is easy to involve in local optima, this paper presents a self-adaptive genetic
algorithm based on evolvability. The individual evolability as a parameter is put into the nonlinear fitness function which dynamically adjustment
with the evolution algebra, and it adjusts dynamically the crossover and mutation probability to runaway the local optima. Experimental results show
that this algorithm can improve the survival probability of the individuals with better evolvability but worse fitness, and enhances population
diversity and search efficiency.
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