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Constrained Multi-objective Optimization

Based on Improved Particle Swarm Optimization Algorithm

YANG Chun-hua, MO Zhi-xun, LI Yong-gang
(School of Information Science and Engineering, Central South University, Changsha 410083, China)

Abstract An improved constrained multi-objective Particle Swarm Optimization(PSO) algorithm which adopts constraint handling technology

based on distance measures and adaptive penalty functions is proposed. The proportion of feasible solutions is used to keep the balance between

objective function and constraints and improve the boundary searching capability of the algorithm. A new k nearest neighbors crowding density is

defined to maintain the diversity of solutions. It selects the global optimal particle through the combination of crowding density and roulette

selection. Experimental results demonstrate that the algorithm is efficient for solving constrained multi-objective optimization problems.
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