$37E F28 it B # I ] 2011418

\Vol.37 No.2 Computer Engineering January 2011
« ANIEREFRIRFFEA - CEHS: 1000—3428(2011)02—0191—03  CHERERIAED: A HESHES: TNIILTY

RFID

. 421002 2. 410082)

RFID Modulation Recognition
Based on Genetic Wavelet Neural Network
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Abstract In recognition method of RFID modulation, the main disadvantage of the back propagation algorithm of neural network commonly used
lies in the slow convergence speed, the optimization procedure getting easily stacked into the minimal value locally and network parameter decided
by experiment and experience. This paper designs a recognition classifier of Genetic Algorithm-Wavelet Neural Network(GA-WNN), which has
global optimization capability of GA, non-linear approximation ability of wavelet and self-learning characteristic of neural network, and simulation
result proves that it can improve the recognition accuracy and convergence rate.
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