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[Abstract] Aiming at high computational complexity in Voice Activity Detection(VAD) which uses low variance spectral estimation, this paper
proposes a method using noise cepstrum thresholding spectral estimation to compute noise Power Spectral Density(PSD). In speech absent period, a
threshold is set for smoothing the noise cepstrum, then noise PSD is estimated by using Fast Fourier Transform(FFT), and detecting threshold in
VAD system is updated. Computational complexity analysis and simulation results indicate that compared with Welch method, the computation of
the method is reduced by 18%, and total time complexity of VAD is decreased.
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