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[Abstract] To solve the problem of vehicle light interference on nighttime object detection, a method of eliminating the light interference based on
Support Vector Machine(SVM) is proposed in this paper. Foreground region is extracted from the input video by means of background subtraction.
Features of gray distribution and texture are extracted from the blocks, which foreground region is divided into. An optimal subset of features is

selected as input vector of SVM for training and recognition. Block recognized as light is eliminated. Experimental results demonstrate that SVM

based method is more accurate and faster than other classifiers when used to eliminate the light interference.
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