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[Abstract] In order to solve multi-objective problems efficiently, this paper proposes a clustering multi-objective Particle Swarm Optimization
(PSO) algorithm based on uniform design named UCMOPSO. Crossover operation based on uniform design is adjusted to get uniformly distributed
solutions in objective space to help swarm to escape from local optima, and a new clustering operator is introduced to select the representative
non-dominated solutions, which decreases the computation complexity and limits the size of the external archive. Experimental results based on
benchmark functions indicate that UCMOPSO has superiority in convergence and distribution compared with other algorithms.
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Initialize positions and velocities of all particles

While stopping criterion is not met
For each particle (i=1:ps)
Select an exemplar from external archive
Update Pbest,
velocity and position
Construct uniform design list
Find boundary particles
Execute crossover operation
Evaluate the fitness values of the current particle i
End for
End while
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