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Speaker Recognition Method Based on RVM
Using Locality Preserving Kernel
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[ Abstract] Taking account of the complex structure of the speech features, which is affected by the change of volume, emotion, health and other
factors, a new method for Speaker Recognition(SR) based on Relevance Vector Machine(RVM) using locality preserving kernel is proposed. RVM
using locality preserving kernel introduces intra-class similarity into Gaussian kernel function to keep the data set’s neighborhood structure, and is
applied into SR. For the purpose of avoiding the inverse matrix operation and applying to a larger sample, the new method uses a fast algorithm for
training. Experimental results show that the new classifier model speeds up the test speed and improves the classification accuracy.
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