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Adaptive Chaos Particle Swarm Optimization Algorithm

ZHAO Zhi-gang, CHANG Cheng
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[ Abstract] The Particle Swarm Optimization(PSO) algorithm has a few disadvantages in solving complex functions, including slow convergence
rates, low solving precisions and high possibilities of being trapped in local optimum. An Adaptive Chaos Particle Swarm Optimization algorithm
(ACPSO) is presented based on several improvements in original PSO. ACPSO improves the performances of the standard PSO by applying chaos
searching mechanism to avoid premature convergence. The dynamically decreasing inertia weight is employed to enhance the balance of global and
local search of algorithm. Experimental results show that the proposed algorithm not only has great advantages of convergence property over

standard PSO, but also avoids effectively being trapped in local optimum.
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