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Chinese Translation of English Verb Based on Semantic Pattern
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[Abstract] Chinese translation of English verbs is one of the difficulties for machine translation. A new Chinese translation algorithm of English
verbs based on semantic pattern base, fixed pattern base and variable base iss presented. The extraction method of semantic pattern is introduced; the
semantic pattern base, fixed pattern base and variable base of commonly used verbs are constructed. Three verb semantic patterns are concluded. The

verb semantic pattern base consists of V semantic pattern base, contiguous VO semantic pattern base and non-contiguous VO semantic pattern base.

Experimental results show that the method can resolve the Chinese translation of English verbs effectively.
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40 000 eat 99
40 000 grow 87
40 000 hear 200
40 000 kill 56
40 000 meet 161
40 000 pay 119
40 000 read 174
40 000 receive 95
40 000 wear 166
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grow 42 36 8 1 89.7
hear 156 22 17 5 89.0

kill 35 16 5 0 91.1
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