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[ Abstract] This paper analyzes and verifies the effectiveness of Particle Swarm Optimization(PSO) based on variety inertia weight in the particle
optimization process, and discusses the special topological properties of scale-free like network. It uses the dynamic scale-free like network as the
particle’s optimization neighborhood. It proposes an improved PSO algorithm based on variety inertia weight and dynamic neighborhood.

Experimental results show that the improved algorithm performs better than the traditional PSO and may avoid falling into the local optimum

instead.
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