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Software Bug Triage Method Based on LDA Topic Model
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[ Abstract] In traditional Vector Space Model(VSM) based software bug triage, the high dimensionality feature space are sparse and noise
containing. Inspired by these characteristics, this paper proposes a software bug triage method based on Latent Dirichlet Allocation(LDA) topic
model. It maps the bug report to the topic space, and makes triage in the new low dimension topic space. Experimental results show that, the method
works well on bug triaging, with SVM and KNN classifiers.
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