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Inverse Fisher Face Recognition Based on Kernel Function
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[ Abstract] There exists the small sample problems in the traditional Fisher discriminant method, and the recognition rate of the inverse Fisher

method is also relatively low. So this paper proposes an inverse Fisher face recognition method based on kernel function, which uses a proper kernel

function to extract some effective face features in the high dimensional space. Experimental results show that the new method keeps the robustness

of the inverse Fisher discriminant as well as the high recognition rate of faces.
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