$37% FE24H T E H I 2011 12 B

Vol.37  No.24 Computer Engineering December 2011
s ATERERIRAIBA » STEHS: 1000—3428(2011)24—0195—03  CEIFIAE: A MES S TN91L72

T QPSO B/ s BH B B 39 A

WEE', BlA
(1. ZHETIFER SR TR, %0 MR 232001
2. RS BRSBTS, R 210044)

B OB 0N RERTITA R TR (PSOVIERE R /M e BB 6 b, SR BT BB 7 RE UL (QPSO) M IE 28 /1N 43 B
W R BEE S o BN A B RSB RRONAR ST IE SN R, WRARAS 509 BRI R k. I QPSO Bk R AT o WeBE
BERRAN G ML R AR, XSRS BT IRAL . 7SR IRERY], MARRRE IR ANIREE, R o B, R RIR R R S TE R
FARHT AR o

R BTRTREMES; ER/NES; S80I E3945; KA

Wavelet Fractionally Spaced Blind Equalization Algorithm
Based on QPSO

HU Ling-ling', GUO Ye-cai'”
(1. School of Electrical and Information Engineering, Anhui University of Science and Technology, Huainan 232001, China;
2. College of Electronic and Information Engineering,

Nanjing University of Information Science and Technology, Nanjing 210044, China)

[ Abstract] This paper proposes an orthogonal wavelet transform fractionally spaced constant modulus blind equalization algorithm based on the
optimization of Quantum Particle Swarm Optimization(QPSO). It analyzes of the futures of the quantum-behaved particle swarm optimization
algorithm and orthogonal wavelet transform. The algorithm can reduce the autocorrelation of the input signals, and the equalizer weight vector can
be optimized by QPSO algorithm with the characteristics of high searching ability, rapid convergence and high robustness. Simulation result shows
that this algorithm can reduce steady mean square error, improve convergence rate and no distortion transmission performance of signal in
underwater acoustic channels.
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