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[ Abstract] For the purpose of making the compiler more adaptive and dealing with complex architecture, a compiler framework is proposed which
combines iterative compilation and instance-based learning. On one hand, the compiler can search the optimization space and save the best compiler
options into the knowledge library; on the other hand, the compiler can learn from the library to get the best compiler options for the current

program. The incremental algorithm can make full use of the accumulated data of the compilation. The algorithms are proposed which can keep the

redundant instance out of the knowledge library and filter the noise from the library.
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1if |L| <k
2. insert(x, cy) into L
3. else
4. for each (yj, cyi) in L
5. d= similarity(x, yi)
6.  try to insert d; into a stack s consisting of k element
7. endfor
8. endif
9. using the k-nearest neighbor in s to predicate the classification
of x to be ¢y’
10. if ¢y 1= ¢y’
I1. insert (X, cy) into L
12. endif
13. for each record (z;, c,i) saved in s
14. increase predicate((z, c,i)) by 1
15. if c,i==cy
16. increase accuracy ((zi, ¢4i)) by 1
17. endif
18. if accuracy((z, c,))/predicate((zi, ¢4)) <T
19. delete (z;, ¢,;) from L
20. endif
21. endfor
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