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[Abstract] In order to improve the accuracy of traditional linear dynamics method, an automated Empirical Mode Decomposition(EMD) signals
recognition method is proposed. The method which combines the nonlinear dynamics with the time-frequency analysis is used to study signals. In
order to effectively restrain noise and decompose the signals, EMD is employed to preprocess the sample data, and the approximate entropy of some
important intrinsic mode functions can be obtained. Support Vector Machine(SVM) is adopted to achieve the optimal classification. Experimental
results show the correct classification rate can be more than 90%, which proves the reliability and veracity of the method.
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