#E38E FI18H it B NI #E 201249 A
Vol.38 No.18 Computer Engineering September 2012
c NI EEERRRNIA « NEHS: 1000—3428(2012)18—0140—04 XHERERIREE: A hESES: TP
— \)
N )
HT %S I ML R E B fp i E Lk

EFE, FIE
(PR R 205 B TR 2ERE, 1U)I] 4RBH 621010)

B B OATERRIRE PO B T RO AR, SR — AT ARG 2 SRS A LR B ARSI AR R R o SR At R I SR X
A B ARHET HAE SRR, S E AR R AR B RS TEL S TREAUBR M 43 e . TR TS M Al 2 T B e B AL, A
R HARMTERE A . KRS RR, R ARE G B H AR AL, 78 BARE BRI AL ekt BRI BUE R T A S RE AR
RERE PR H A7t

REEH: BB LA Lk EL¥S; HRERE; RiR-RRRE

Target Tracking Algorithm
Based on Online Learning and Construction Constraint
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[Abstract] In order to accurately track target during a long term in complex environment, this paper presents an algorithm combining detecting
and tracking based on online learning and construction constraint. Improved optical flow method is used to adaptively track specific target. The
nonhierarchical structure online learning random ferns classifier is used as real time target detecting method. In order to adapt target shape variation,
unsupervised learning method based on construction constraint is used to accurately determine the target position. Experimental results show that

this algorithm can adapt to the basic target shape variations and track the target steadily when the targets change in size, rotate, shelter partly or

disappear in a short term.
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