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BP Neural Network Learning Algorithm
Based on Particle Swarm Optimization
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[Abstract] For the standard Back Propagation(BP) algorithm usually has the limitations of slow convergence and local extreme values, a new BP
neural network learning algorithm based on Particle Swarm Optimization(PSO) is proposed. The main idea of the model is to modify weight and
threshold using PSO based on the weight adjustments of gradient descent method in BP algorithm. It evaluates the model by using simulation test of
five typical complex functions and compares it with other two models including standard BP network and traditional PSO based BP network.
Experimental results show that it can overcome the limitations of slow convergence and local extreme values for BP network and perform better than
other two kinds of optimized BP network models.
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