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A Dynamic Backtracking Algorithm Based on Graph Partitioning

WANG Meng
(College of Software, Jilin University, Changchun 130012, China)

[Abstract] The dynamic backtracking algorithm keeps its assigned value for each variable when it backtracks. However, it becomes inefficient
when it comes to the constraint satisfaction problems that do not consist of sub problems. To solve the problem, this paper applies graph partitioning
to dynamic backtracking. The main idea is to divide all the variables into several sets using graph partitioning. When it back tracks, it gives up the

values of the variables that are in the same set with the culprit variable, instead of keeping all the values. Experimental results show that the new

method has higher efficiency on the random satisfaction problems.
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