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[ Abstract] Aiming at the drawback that Local Fisher Discriminant Analysis(LFDA) algorithm and the Marginal Fisher
Analysis(MFA) algorithm solve the problem of multimodal data classification and construct a reasonable neighborhood for each
point. A local discriminant projection algorithm based on adaptive neighborhood selection is proposed in this paper. An adaptive
algorithm to expand or narrow neighbor coefficient & is adopted to keep the local linear structure. So it perfectly detects the intrinsic
geometric structure of manifold. The underlying idea of the new method is that the desired projection should make neighbors of the
same class close and neighbors of different classes apart. Doing test on the ORL and the YALE face database, the results show that
this algorithm can achieve higher recognition rate under different training samples.
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