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[ Abstract] A medical image segmentation algorithm based on robust feature statistics is proposed in this paper. Users provide
seeds, and this paper uses robust feature statistics to describe the features of objects, makes contour smoothly and decreases the
effect of noise. It makes contour evolution fast and according to the Sparse Field Method(SFM) to get the outline of objects.
Experimental results show that this algorithm gets 73 points in 5 kinds of evaluation indicators for MR abdominal liver
segmentation, is better than the region growing algorithm and rapid level set algorithm, liver segmentation time is 123 s, and can
make good segmentation of organs and tumors in MR and CT images.
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