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[ Abstract] Using Factored Principal Components Analysis(FPCA) feature extraction algorithm in the high resolution images has bad
real-time performance and may cause dimension disaster because it needs to use iterative algorithm to implement FPCA algorithm. In order
to solve the problem above, this paper developes a new method called Modular-FPCA(M-FPCA) for image feature extraction. This method
modularizes the original digital image samples, implements FPCA algorithm on every sub-image matrix, and gets feature matrix of original
image by merging sub-image features. Color images can be represented by three components of R, G, B. For existing shortcomings of color
information fusion method, it combines M-FPCA with the improved color information fusion method and names it as color M-FPCA.
Experimental results on CVL, FEI color face image library show that M-FPCA method can improve the realation of FPCA algorithm, solve
dimesion disaster problems, color M-FPCA method extracts color information from color face image effectively, and has higher recognition rate.
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