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K-means Clustering Algorithm Combined with mean-shift and
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[ Abstract] Given an inappropriate set of initial clustering centroids, K-means algorithm can get trapped in a local minimum. To remedy
this, this paper proposes a K-means clustering algorithm combined with adaptive mean-shift and Minimum Spanning Tree(MST). The
original data set is projected into Principal Component Analysis(PCA) subspace. An adaptive Mean-shift is proposed and run in the PCA
subspace to let the data move to dense regions, and via the MST and graph connected component algorithm, it finds the number of clusters
and the cluster indicators. According to the indicators, the density peaks are computed in the full space and taken as the initial centroids for
K-means clustering. Experimental results show that the proposed algorithm can provide better global solution and higher clustering
accuracy within a shorter period of execution time.
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