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[ Abstract] Aiming at the problem of incomplete target segmentation and low classification accuracy of traditional
pedestrian-vehicle detection and classification algorithm in intelligent monitoring, this paper presents a pedestrian-vehicle
detection and classification algorithm based on video. The algorithm dynamically adjusts confidence intervals for
constructing Gaussian mixture model using neighborhood information, and uses the Kalman filter to predict the position of
the target in the next frame. It extracts the target aspect ratio and area through adaptive EM clustering as a feature, then
divides target into pedestrians and vehicles. Assume that target makes the uniform linear motion in adjacent frame and
derive the target area to meet the linear relationship change. Thus target tracking and classification can be modified to
improve the detection accuracy in the end. Experimental result show that the algorithm detection rate is over 90% and
classification rate is over 80% .
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