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[ Abstract] Non-parameter regression method is widely used in short-term traffic flow forecasting, but there is a
contradiction on forecasting accuracy and computational efficiency in that method. This paper proposes an improved short-
term traffic flow forecasting method based on MapReduce and genetic algorithm in the context of massive historical data.
To improve the search speed of K Nearest Neighbor ( KNN) , a parallel computing framework MapReduce is used to
search the KNN. In data preprocessing stage, genetic algorithm is used to optimize the selection of key parameters,and it
accelerates parameter optimization process based on MapReduce to solve the problem of long iterative operation time for
genetic algorithm. Experimental results show that the method has high scalability, and it can increase the searching
efficiency significantly while the forecasting accuracy is guaranteed.
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