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A Background Modeling Algorithm Based on Splitting Gaussian Mixture Model
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[ Abstract] Aiming at empty target and ambient noise,a background modeling algorithm is proposed. The image to be
processed is filtered by three Gaussian blur filters in order to extract information stratified. Then, each layer builds
splitting mixture Gaussian model group and computes change area. During processing, low-frequency information
extracted from the upper layer is added to the modeling and gets contours of moving target which will join to the
calculation of lower layer. The result tested on public video dataset indicates that the method ensures the accuracy of the
extracted moving target when environmental noise is removed clearly. The method reduces the algorithm sensitivity for
the scene illumination change and has a higher detection rate and lower false detection rate.

[ Key words] motion detection; background modeling; Gaussian Mixture Model ( GMM ) ; background subtraction
method ; splitting model ; noise cancellation
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