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Identification of Protein-protein Interaction Based on Hybrid Similarity Model

WANG Yuwei,NIU Yun, WEI Ou
(School of Computer Science and Technology ,Nanjing University of Aeronautics and Astronautics,Nanjing 210016 ,China)

[ Abstract] Current machine learning-based Protein-protein Interaction ( PPI) identification systems make predictions
solely on evidence within a single sentence and suffer from small training set. In this paper,a hybrid similarity model-
based approach is proposed to address these issues. A basic Relational Similarity (RS) model is established to make initial
predictions. Word similarity matrices are constructed using a corpus-based approach. A clustering algorithm is applied to
group words according to their similarity. The obtained word clusters are introduced to the basic RS model to build a
hybrid model. Experimental results show that the basic RS model achieves higher and well-balanced precision and recall,
and the introduction of the word similarity model further improves the F-score. This approach makes use of known PPI
information , thus releases the burden of manual annotation.
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