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[ Abstract] Massive social event relevant messages are generated in online social media, which makes the filtering and
screening of them be a challenge. In order to obtain massages with high quality, a high quality information extraction
framework based on Kernel Principal Component Analysis and Wavelet Transformation( KPCA-WT) is proposed. Based
on multiple features fusion,the paper designs an algorithm to extract the microblogs of high quality , which transforms the
features into wavelet domain to capture the details differences between the feature signals. The features’ weights are
evaluated by employing Expectation Maximization ( EM) algorithm and fused further to get a comprehensive value of
each message,in order to reduce the effect of noise features,and to speed up the operation, the features are transformed
through KPCA. Experimental results show that the proposed framework can extract information with higher quality and
greatly reduce the time consumption.
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