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Density Clustering Algorithm with
Initial Point Optimization and Parameter Self-adaption

DAI Yangyang,LI Chaofeng,XU Hua
(School of Internet of Things Engineering ,Jiangnan University , Wuxi,Jiangsu 214122 ,China)

[ Abstract] Aiming at the problem that the Density Based Spatial Clustering algorithm of Application with Noise
(DBSCAN) can not find clusters of varied densities, this paper proposes a density clustering algorithm with initial points
optimization and parameter self-adaption. It uses the method of optimization initial points to find the maximum density
point in the current global datasets,and adaptively calculates the parameters of DBSCAN for the current cluster with the
features of the current maximum density point and current datasets. These parameters are found to be different with the
other clusters’ parameters,and the high-density cluster gets priority processed,so this algorithm can find clusters of varied
density. Experimental results demonstrate that the improved algorithm can find clusters of arbitrary shape, size and
density ,enhance the ability to deal with overlapping data and uneven density in the cluster,and get clustering in higher
accuracy.
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