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Improved Algorithm of Graph Partitioning Structure Detection
Based on Minimum Description Length

WEI Changbao, YAO Ruxian
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[ Abstract] Aiming at the disadvantages of the existing Graph Partitioning Change Detection ( GPCD) algorithm like
repeated segmentation and ignoring change cost of images,it employs probabilistic trees to represent probabilistic models
of graph partitioning structures. Then reduce GPCD into the issue of detecting changes of trees on the basis of the
Minimum Description Length( MDL) principle. It proposes TREE algorithm for solving the GPCD problem. Simulation
experimental results show that, by taking the cost of changes into consideration, TREE realizes significantly less False
Alarm Rate( FAR) for change detection than the baseline method called GraphScope. And it is able to detect changes
more accurately than GraphScope.
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