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Optical Flow Calculating Method Based on Multi-scale V1-MT Feedforward Model
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[ Abstract] In order to solve the problem of great computational error of optical flow information under large
displacement and weak texture,an optical flow computational method based on an improved V1-MT feedforward model is
proposed. By taking video sequences as inputs, the responses of cells in primary visual cortex and Middle Temporal (MT)
are calculated. The optical flow information can be obtained by decomposing MT response. The multi-scale and coarse to
fine methods are used to solve the optical flow computational problem under large displacement. The interpolation method
based on bilateral filtering is adopted, so that neighborhood motion information can be fused and the the optical flow
information in the weak texture region can be estimated. Simulation results show that this method can calculate optical
flow information more accurately than other methods based on biological model.
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