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[ Abstract] According to the complex structure and polysemy characteristics of Chinese sentences,this paper proposes a
sentence similarity calculation method. It pretreats the sentence through syntactic analysis and dependency relationship,
and extracts word set of main components such as subject, predicate, object, preposition and so on, thus the shallow
semantics of sentences can be expressed accurately. HowNet is used to calculate the semantic similarity between the same
components of different sentences. Considering semantic modification effect of attribute relationship and adverbial
relationship in dependency syntactic relations, based on syntactic structure, further integrating into the modifiers, the
sentence semantic similarity is comprehensive by calculated to distinguish consistency of sentence topic content and the
antonym relationship between sentences. The extracted 30 pairs of sentences are used as test sets, which are taken from
paraphrase corpus of Microsoft Research Institute Corpus. Experimental results indicate that the Pearson correlation
coefficient of the proposed method reaches 0. 89 and the F-measure reaches 85. 7% , which has better accuracy and
practicability.
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