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[ Abstract] The effccts of music melody and beat on Electroencephalogram ( EEG) wave energy spectrum hasve great
application significance. This paper proposes a double simulation inducing method with light music and music beats in the
hearing. It regulates the brain activity of subjects, and by analyzing the collected EEG signal to determine whether can
quickly and effectively enter the highly relaxed state. In the regulating stage,subjects are asked to listen the mix of light
music and music beat with the gradual speed and the opposite power order for 5 min,and analyses the signals collected by
the EEG headset. Experimental results show that when the duration of regulation is about 2 min ~ 3 min, the method based
on double stimulation of light music and music beats can effectively promote subjects to enter the highly relaxed state.
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