$44%E F2H L2 7| S S - 2018 4E2 A
Vol.44  No.2 Computer Engineering February 2018

c NIEsERIBAFE A - X EHES . 1000-3428 (2018 ) 02-0226-07 TR SRS A HES %S, TP

ETHIEERTSEINHEEEEEE
2 HeaR x A AN
(1. AERE VS K2 TP MLARE, TN 5106315 2. fhfE ol T2 e 5 SR F 58 ARG, TN 510225)

B BEX bR 8k O W - P PP R 2 R SR TR R £ — b IR A A A S ik .
PUEITE 7R 2 21 7 vk Rl A CAT B SCEUIR A — AR 4R 518 28 18] b o 3d 2o vF 589 i 22 18] B0 SORTULPE
Yyt BB 00T SR A B R DB HEAE o SR TR T B R D8 Tk B A 5 R AR B R R R AR T R
1AL 3 58 7 b IR U AHERE ORI A R R W] LTk RE NS A A R T P R o 4 A A R R A [ RN F
KB - R 0 s MR A 5 s o o) 5 TR SO s 72 R 5

s AR RER BRI E, X
44(2) :226-232 ,263.

FE 5| A& WU Xiyu, CHEN Qimai, LIU Hai, et al. Collaborative Filtering Recommendation Algorithm Based on
Representation Learning of Knowledge Graph[J]. Computer Engineering ,2018 ,44(2) :226-232,263.

g, 2 T R 24 o) W b R B A Sk [T ] TS LR, 2018,

Collaborative Filtering Recommendation Algorithm Based on
Representation Learning of Knowledge Graph
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(1. School of Computer,South China Normal University , Guangzhou 510631 ,China;
2. School of Information Science and Technology,Zhongkai University of Agriculture and Engineering, Guangzhou 510225, China)

[ Abstract] To solve the problem that collaborative filtering algorithm only uses the items-users rating matrix and does
not consider semantic, a collaborative filtering recommendation algorithm is presented. Using the knowledge map to
represent the learning method, this method embeds the existing semantic data into a low-dimensional semantic space. It
integrates the semantic information of items into the collaborative filtering recommendation by calculating the semantic
similarity between items. The shortcoming of collaborative filtering algorithm which does not consider the semantic
information of items is overcome, and therefore the effect of collaborative filtering recommendation is improved on the
semantic level. Experimental results show that the proposed algorithm can get higher values on precision, recall and F-
measure for collaborative filtering recommendation.
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