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[ Abstract] Combined with multi-level Haar wavelet transform and KS statistic theory, this paper proposes a fast
detection method for time series data abrupt-point,that names as HWKS. The mean binary search tree and the difference
binary search tree are constructed respectively for the standard reference sequence and the sequence to be detected. Based
on the improved KS test method, two methods of binary tree search are proposed,and the HWKS theory framework for
rapid detection of time series data mutation point is realized. HWKS is used to detect the simulated time series data.
Comparison results on HW method, T method and KS method show that HWKS has less error, shorter time and higher
accuracy when detecting time series data abrupt-point.
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