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[ Abstract] The training time of Support Vector Machine (SVM ) becomes much longer with the increase of training
instances. To speeding up the training process without loosing the effect, a method for reducing training dataset is
proposed. A new training set is composed with nearest neighbors of each instance selected from different classes. A
boundary sample is selected by using an alien nearest neighbor. Experimental results show that compared with FCNN

algorithm and NPPS algorithm, the proposed algorithm can enormously raising the training efficiency while keeping or

even improving the classification accuracy of SVM.
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